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NAME AND TITLE

Michelle Brøndum Skinbjerg
Data Analyst at Arbejdernes Landsbank

BACKGROUND

Master of Science (MSc) in Mathematics-Economics 
from the University of Copenhagen

EXPERIENCE

• Model development, including credit risk models 
– especially LGD/EAD  

• Rating models



Journey 
New workflows are created during implementation
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What is SAS® Risk Modeling?
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SAS Risk Modeling is a next generation unified platform for the development 
and deployment of risk models. 

SAS Risk Modeling offers an integrated infrastructure to handle data, build 
models using traditional statistical methods, advance machine learning 
techniques, back test the models, and quickly implement those models.

SAS Risk Modeling enables any institution that deals with risks to develop 
effective risk models for various use cases and to track these risks more 
accurately 



Model lifecycle in SAS® Risk Modeling
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Data 
Preparation 

Model 
Development

Back 
testing

Model 
Implementa

tion

Model 
Performance 

Monitoring

Decision 
rule building

The decision-making process can 
be activated in both 

• Batch

• Realtime



Data Preparation
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SAS® Risk Modeling 

• Defining project

• Target population 

• Modeling data set and variables

• Building the modeling dataset

Analytical Base Table (ABT) 



Data Preparation
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SAS® Risk Modeling 

Create derived variables through point-and-click options 
and across dimensions:
▪ Aggregation is available immediately, saving time
▪ Reduces programming errors
▪ ABTs can be saved and shared, saving time and 

increasing productivity

2

1

Core elements



Model development
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• Develop a statistical or Machine learning model in SAS VDMML/Python
• Import the model in SAS Risk Modeling or create a user defined model in SAS Risk Modeling 

using the model specification workspace
• Define bins and proportions
• Calculate development data statistics
• Create model specification version

SAS® Risk Modeling 



Model development
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SAS® Risk Modeling 



Model Implementation
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• Model Implementation means we are creating a deployed code that can be used for 
Scoring, Actual calculations and On-going model monitoring calculations.

• This deployed code can be used for Scoring the new through-the-door population.
• Model back testing is performed based on historical data.
• The model has to be implemented for making business decisions.
• Usually, it is done in batch mode.

SAS® Risk Modeling 



Back Testing
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• One does not want to wait for actual scoring results to validate model.
• Back testing allows you to validate the model immediately before we move it 

to production.
• Back testing  is performed on historical data to compare scored/predicted  

Vs Actual results of model.

SAS® Risk Modeling 



Back Testing

18-04-2023 Michelle Brøndum Skinbjerg14

SAS® Risk Modeling 

Comparison of any combination of time 
periods allows the user to monitor seasonal 
effects for better decisions



Model Monitering
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SAS Risk Modeling includes an extensive set of reports for monitoring the performance of predictive 
scoring models; classified as:

• Model health reports

o These reports show the overall health of the predictive scoring models through model health 
indicators.

• Model-monitoring reports

o These reports monitor the performance of the predictive scoring models that score data in 
SAS Credit Scoring.

• Model-input-monitoring reports

o These reports monitor the input variables on which the predictive scoring models are based.

SAS® Risk Modeling 



Model Monitering
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SAS® Risk Modeling 

%dabt_build_scr_abt_wrapper(m_model_id=95,m_scoring_as_of_dt = 31MAY2022, m_perform_scoring_flg = Y , m_populate_arm_flg = Y);

%dabt_build_act_abt_wrapper(m_model_id=95, m_scoring_as_of_dt =31MAY2022 , m_populate_arm_flg = Y);

%csbmva_ong_mdl_performance_run(model_id=95);

The above report is created by executing a few SAS jobs in SAS® Studio
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SAS® Risk Modeling SAS® Intelligent Decisioning SAS® Intelligent Decisioning 

Improve decision-
making process

More 
transparent More adaptable More visual More 

consistent

Replace this: By this:

• Automate decision-making 
• Use information to make better decisions 
• Apply in real time or batch



SAS® Intelligent Decisioning 
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SAS® Intelligent Decisioning 



Implementation
An implementation that ensures quick start-up and 
training of model developers
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The implementation team
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The crucial thing for the team was to get full support when we encountered problems and that they 
were solved quickly

Crucial for the analyst

1. One team, same goal and common 
approach to achieving the goal

2. AL has been responsible for a large 
part of the implementation

3. Coaching and sparring of SAS along 
the way 

4. Open, experience-based dialogue 
that allows for continuous calibration

One team!
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Michelle Skinbjerg
Dataanalytiker

Tobias Jørgensen
Dataanalytiker
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og Modeller

Henrik Poulsen
IT direktør Harry Lassen
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Allan Sørensen
Risiko konsultent

Tim Bedsted
Risikorådgiver

Gültap Songur
Ergin
Ansvarlig, Risk 
implementering

Joanna Nørlund
Risikorådgiver

Saba 
Projektleder

Peter Wulff
Dataanalytiker

Rasmus H. 
Sørensen
Dataanalytiker



The implementation process
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• End-to-end process of the model 
lifecycle to develop, validate, 
implement and monitor risk models 

• Cloud Analytic Services (CAS) can 
efficiently model and score millions of 
accounts quickly due to its parallel and 
distributed architecture

• A user-friendly graphical interface

• A new platform
• Only one person can be associated 

with an ABT and user-defined 
scorecards

• A user-defined scorecard must be 
locked (and thus cannot be changed) 
to move forward to Risk Management 
Cycle

Gains for the model developer Challenges and handling


